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Abstract: The adoption of conversational artificial intelligence does not depend 
solely on its technical performance but also integrates complex relational dimen-
sions that shape the overall user experience. This study examines the evolving 
perception of ChatGPT across its four successive versions (GPT-3.5, 4, 4.5, and 5), 
analyzing how improvements in comprehension and contextualization inter-
act with functional, emotional, trust-related, autonomy, and perceived control 
dimensions of experience. 

The longitudinal analysis draws on more than 20,000 YouTube user comments 
collected between November 2022 and August 2025, enriched by media and aca-
demic sources. Results obtained through an NLP methodology reveal a growing 
dissociation between functional quality and user satisfaction. While contextual 
understanding objectively improves (reduced hallucinations, ability to process long 
texts up to 25,000 words, enhanced performance in mathematics and programming), 
the proportion of satisfied users paradoxically declines. This downward trajectory 
can be explained by the differentiated evolution of experiential dimensions.

GPT-3.5 generated initial enthusiasm despite its limitations, with strong user control 
and cautious trust. GPT-4.0 consolidated technical performance while initiating 
emotional distance, as users expressed concerns about AI’s growing autonomy. 
GPT-4.5 emphasized relational empathy, temporarily reinforcing trust through 
better adaptation to user tone and intent, but generating frustration regarding 
fine-grained interaction control. GPT-5.0, despite its technical power and dynamic 
routing system, crystallizes a relational crisis, being perceived as colder and less 
personal, and amplifying the sense of lost control.

The study highlights that increasing technical sophistication can paradoxically 
degrade relational experience. It underscores a major challenge for AI develop-
ment: users expect systems that are not only reliable and contextually relevant 
but also warm, controllable, and trustworthy. This research suggests that the 
future of language models will depend on their ability to strike these balances.
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1.	 INTRODUCTION

The emergence of ChatGPT in November 2022 marked a decisive turning point in the history of 
generative artificial intelligence, inaugurating a new form of human–machine interaction. Devel-

oped by OpenAI, the system rapidly captured global attention, becoming the fastest-growing online 
service with more than 100 million users in just two months (Hu, 2023). Beyond this initial quantita-
tive success, the evolution of ChatGPT through its successive versions (GPT-3.5, GPT-4.0, GPT-4.5, 
and GPT-5.0) reveals a complex dynamic between technological innovation and user acceptance.

Research in technology acceptance shows that adoption depends not only on objective performance 
but also on multidimensional interactions among functional, emotional, and psychological factors 
(Davis, 1989; Venkatesh et al., 2003). Conversational AI accentuates this complexity by engaging 
cognitive and affective mechanisms deeply rooted in human communication (Huang & Rust, 
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2018). Perceptions thus integrate contextual understanding, relational quality, technological trust, 
and perceived control (Jiang et al., 2024), challenging traditional performance-centered models.

This issue is salient for ChatGPT, whose rapid evolution has generated mixed public reactions. 
The Washington Post (2025) notes a “paradox of sophistication” with GPT-5, while The Guardian 
(2025) reports growing nostalgia for earlier, more “human” versions. These observations align 
with recent academic analyses questioning the correlation between technical improvement and 
user satisfaction (Li et al., 2022). Satisfaction, defined as an affective and cognitive evaluation 
of lived experience (Bhattacherjee, 2001), is central to perceived interaction quality and part of 
broader user experience frameworks (Hassenzahl & Tractinsky, 2006).

This study provides a longitudinal analysis of 21,430 YouTube comments from December 2022 to 
August 2025. It examines the trajectory of user satisfaction and identifies variables shaping per-
ceptions when technical progress diverges from experiential outcomes. We argue that ChatGPT’s 
acceptance does not follow a linear path of improvement but reveals growing tensions between 
functional and relational dimensions. This research adopts an interdisciplinary perspective, drawing 
from the sociology of innovation (Rogers, 2003), cognitive psychology of interaction (Norman, 
2013), and human–machine communication studies (Reeves & Nass, 1996).

2.	 LITERATURE REVIEW

2.1.	 Technology Acceptance and Theoretical Models

The study of technology acceptance is grounded in well-established models. Davis’ (1989) Technol-
ogy Acceptance Model (TAM) posits that adoption depends on perceived usefulness and perceived 
ease of use. This framework was later extended by Venkatesh et al. (2003) through the Unified 
Theory of Acceptance and Use of Technology (UTAUT), which adds performance expectancy, 
effort expectancy, social influence, and facilitating conditions. Although designed for traditional 
technologies, these models remain relevant for analyzing the adoption of conversational AI.

With the rise of generative AI, classic frameworks require adaptation. Parasuraman (2000) intro-
duced the concept of “technology readiness,” encompassing optimism, innovativeness, discom-
fort, and insecurity. Rogers (2003) further emphasized perceived innovation attributes - relative 
advantage, compatibility, complexity, trialability, and observability - shaping actual adoption 
rates beyond stated intentions.

2.2.	 Conversational AI and Human–Machine Interaction

Conversational AI engages specific cognitive and social mechanisms. Weizenbaum (1966) noted 
users’ tendency to anthropomorphize conversational systems, a phenomenon later conceptualized 
by Reeves and Nass (1996) in their “media equation” theory, where people apply social rules to 
technology interactions. Huang and Rust (2018) classify AI into mechanical, analytical, and intu-
itive categories; ChatGPT belongs to the latter, raising complex user expectations that go beyond 
functional performance.

2.3.	 User Experience Quality in Intelligent Systems

User experience (UX) with conversational AI cannot be reduced to technical metrics. Hassenzahl 
(2010) distinguishes pragmatic quality (efficiency, usability) from hedonic quality (stimulation, 
identification), highlighting the importance of emotional and relational aspects. Norman (2013) 
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expands this with emotional design - visceral, behavioral, and reflective levels, while Jordan (2000) 
proposes a hierarchy of needs from functionality to pleasure. Trust emerges as a central relational 
dimension, directly shaping how users evaluate and adopt conversational AI.

2.4.	 Trust and Anthropomorphism

Trust can be defined as “the attitude that an agent will help achieve an individual’s goals in a 
situation characterized by uncertainty and vulnerability” (Lee & See, 2004). This highlights its 
relational nature, beyond technical reliability. De Visser et al. (2016) distinguish dispositional trust 
(linked to personality), situational trust (context), and learned trust (experience). Trust is influ-
enced by reliability, transparency, perceived usefulness, and value compatibility (Parasuraman & 
Riley, 1997). It can derive from technical features or usage experience, the latter being particularly 
sensitive to errors (Dzindolet et al., 2003). Perceived behavioral control also shapes behavioral 
intention (Ajzen, 1991). In conversational AI, customization and adjustability strengthen users’ 
sense of autonomy (Sundar & Kim, 2019).

Anthropomorphism plays a central role: by attributing human characteristics to non-human agents, 
users develop relational expectations similar to those in human interaction (Epley et al., 2007; 
Araujo, 2018; Go & Sundar, 2019). This projection can enhance trust when the AI appears social 
and reliable, but it can also foster mistrust when behavior diverges from human expectations. 
Thus, trust and anthropomorphism are closely interlinked in user evaluations of conversational AI.

2.5.	 Evolving Expectations and Technological Maturation

Trust and user experience must also be seen dynamically. Gartner (2020) identifies five phases 
in the hype cycle of emerging technologies: innovation trigger, peak of inflated expectations, 
trough of disillusionment, slope of enlightenment, and plateau of productivity. While value often 
increases with user base (Katz & Shapiro, 1994), conversational AI may face saturation and com-
moditization effects (Brynjolfsson & McAfee, 2014). Repeated exposure also refines evaluation 
criteria, leading to more sophisticated expectations (Gefen, 2000).

3.	 METHODOLOGY

3.1.	 General Approach and Epistemological Stance

This study adopts a mixed-methods approach, combining quantitative analysis of digital content 
with qualitative examination of complementary sources. This hybrid strategy reflects the com-
plexity of user perceptions of conversational AI, which requires both large-scale trend analysis 
and a nuanced understanding of individual experiences. A longitudinal design was chosen to cap-
ture temporal evolution (Pettigrew, 1990), particularly relevant for emerging technologies where 
adoption and maturation cycles shape user attitudes (Rogers, 2003). The primary unit of analysis 
consists of user-generated comments on public platforms (Kozinets, 2015).

3.2.	 Corpus Constitution

The main dataset comprises 21,430 YouTube comments collected between December 2022 and 
August 2025, spanning the life cycle of four ChatGPT versions. YouTube was selected for its public 
accessibility, demographic diversity, spontaneous expressions, and sufficient volume for robust 
statistical analysis (Burgess & Green, 2018). Sampling followed a purposive protocol (Patton, 
2014), focusing on launch events, expert analyses, and tutorials, generating substantial engagement.
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Two complementary sub-corpora were constructed. The first includes 16,225 comments on GPT-
3.5, GPT-4.0, and GPT-4.5 over thirty-four months (2,597; 7,375; and 6,253 comments respectively), 
reflecting growing media attention and user base. The second focuses on GPT-5.0’s launch in 
August 2025, with 5,204 comments collected within fifteen days, capturing immediate reactions, 
a critical phase in perception formation (Rogers, 2003). Together, the dataset covers 985 days 
(December 12, 2022–August 27, 2025).

3.3.	 Data Collection and Validation

Data were collected with a Python script using the YouTube Data API v3, following reproduci-
bility standards (Munafò et al., 2017). Quality control included excluding bots, filtering for rele-
vance (explicit mention of ChatGPT or versions), and removing trivial comments (<10 characters) 
(Tufekci, 2014). Metadata such as unique ID, timestamp, likes, reply structure, and video source 
were retained. Only public content was included, with systematic pseudonymization to preserve 
anonymity (Markham & Buchanan, 2012).

3.4.	 Data Processing and Textual Analysis

Sentiment analysis formed the core methodological tool of this study. It relied on the lexical 
approach implemented in the TextBlob library, chosen for its transparency and reproducibility in 
English-language sentiment detection (Loria, 2018; Grimmer & Stewart, 2013). Sentiment clas-
sification followed a ternary scale - positive, neutral, negative, based on polarity scores: values 
above 0.1 were classified as positive, below -0.1 as negative, and in between as neutral (Liu, 2015).

4.	 RESULTS: OVERVIEW OF PERCEPTUAL EVOLUTION

The longitudinal analysis of 21,430 YouTube comments (December 2022–August 2025) reveals a 
downward trajectory in user satisfaction, challenging predictions of classical technology acceptance 
models (Davis, 1989; Venkatesh et al., 2003). Quantitative evidence shows progressive erosion of 
initial enthusiasm, with engagement rates varying significantly by version. Temporal distribution 
aligns with Gartner’s (2020) hype cycle: adoption surged in 2023 with GPT-4.0 (42.4% of comments), 
normalized in 2024 (11.7%), and rose again in 2025 with GPT-4.5 (42.0%). These intermittent 
dynamics mirror media cycles of technological innovations (Reinhart, 2006), characterized by 
peaks of enthusiasm, subsequent disillusionment, and eventual normalization.

4.1.	 GPT-3.5: Foundational Enthusiasm and Emerging Limits

Analysis of 2,597 comments on GPT-3.5 indicates early-stage adoption aligned with Rogers’ (2003) 
diffusion model. Users expressed fascination with conversational capabilities, consistent with ten-
dencies to apply social rules to interactive systems (Reeves & Nass, 1996). Yet structural critiques 
emerged quickly, foreshadowing later developments and reflecting what Floridi et al. (2020) term 
an “epistemology of distrust,” where users instinctively engage in verification processes when 
interacting with automated information systems. Engagement levels, averaging 2.98 likes per 
comment, suggest a reception that was cautiously positive rather than unreservedly enthusiastic.

4.2.	 GPT-4.0: Technical Consolidation and Emerging Skepticism

Analysis of 7,375 comments on GPT-4.0 shows recognition of technical progress alongside grow-
ing skepticism. Engagement (6.94 likes per comment) indicates a more nuanced reception than 
GPT-3.5. Users began to experience what Parasuraman (2000) calls “technological discomfort,” 
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reflecting awareness of risks and limits. Expectations shifted toward contextual and semantic 
understanding, with user evaluation criteria moving beyond raw performance to include relational 
and trust dimensions. Calls for personalization and control signaled the maturation of expectations. 
Temporal distribution demonstrates sustained attention throughout 2023.

4.3.	 GPT-4.5: Peak of Critical Engagement

GPT-4.5 marked a turning point, generating both the highest engagement (28.46 likes per comment, 
+855% vs GPT-4.0) and novel structural critiques. This polarization reflects Sunstein’s (2017) 
dynamics of online technological communities. Criticism increasingly centered on relational 
authenticity and emotional contextualization, echoing Norman’s (2013) emphasis on affective 
dimensions of technological experience. Users demonstrated resistance to “artificial intimacy” 
(Turkle, 2011), highlighting frustration with superficial empathy and contextual failures.

4.4.	 GPT-5.0: Relational Rupture Despite Technical Strength

Analysis of 5,204 comments on GPT-5.0 reveals a paradox: superior technical performance coupled 
with unprecedented relational critique. While the system excelled functionally, users perceived it 
as cold and impersonal, expressing nostalgia for GPT-4.0. The dynamic routing system introduced 
unpredictability that eroded perceived control, undermining trust. This confirms Hassenzahl’s 
(2010) argument that pragmatic quality must be balanced with hedonic quality, GPT-5.0 succeeds 
in the former but fails in the latter.

4.5.	 Comparative Evolution of User Satisfaction

Cross-analysis of sentiment and engagement metrics shows statistically significant differences across 
versions, documenting a downward trajectory of satisfaction that contradicts classical acceptance 
models (Davis, 1989; Venkatesh et al., 2003). TextBlob sentiment analysis shows positive comments 
falling from 47.0% with GPT-3.5 to 30.0% with GPT-5.0, while negative sentiment rose from 9.4% to 
25.0%. Engagement, however, increased sharply: GPT-4.0 registered +132.9% mean likes vs GPT-3.5, 
GPT-4.5 +855%, and GPT-5.0 sustained high polarization. This illustrates the “paradox of critical 
engagement”: technically superior versions drive higher quantitative engagement while eroding 
perceived satisfaction, as users’ relational standards evolve beyond what current systems can fulfill.

4.6.	 Cross-Cutting Patterns and Underlying Dynamics

The transversal analysis highlights three structural dynamics.

First, evaluation criteria evolved toward increasing sophistication. Users moved from initial fasci-
nation with raw capabilities (GPT-3.5) to demanding relational authenticity (GPT-5.0), reflecting 
a shift from performance metrics to experiential and relational dimensions.

Second, a “conversational uncanny valley” became evident with GPT-4.5 and intensified with 
GPT-5.0. Users reported discomfort when technically flawless answers lacked emotional adequacy, 
illustrating the phenomenon of a “textual uncanny valley” (Wang & Chen, 2022). This occurs 
when AI reaches high linguistic competence but fails to master the pragmatic subtleties of human 
interaction (Rodriguez et al., 2023).

Third, the study reveals the rise of distributed user expertise, where highly engaging comments com-
bine technical critique with behavioral insights. This “collaborative critique” challenges traditional 
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expert-driven evaluation models. Users collectively develop sophisticated analytical frameworks 
that integrate psychological and social dimensions, moving beyond technical benchmarks.

Based on these findings, we propose a conceptual model of Performance–Acceptance Dissociation, 
which outlines the chronological action of key moderating factors.

Figure 1. Conceptual model of Performance–Acceptance Dissociation
Source: Own research

5.	 DISCUSSION

5.1.	 Theoretical Contributions

This study makes several contributions to technology acceptance and human–machine interaction 
research in the context of conversational AI. First, it challenges the predictive validity of classi-
cal models such as TAM (Davis, 1989) and UTAUT (Venkatesh et al., 2003). Contrary to their 
assumption that improved perceived usefulness drives adoption, findings show a decline in user 
satisfaction despite objective performance gains. This calls for integrating temporal and relational 
dimensions into acceptance models, aligning with multidimensional frameworks of AI experience 
(Jiang et al., 2024). Second, the study extends Mori’s uncanny valley concept to conversation. 
Results empirically document a “textual uncanny valley” (Wang & Chen, 2022) where linguis-
tically sophisticated but emotionally inadequate responses trigger discomfort, particularly with 
GPT-5.0 (Rodriguez et al., 2023). Third, it identifies distributed user expertise in AI evaluation. 
Engaged users collectively develop sophisticated frameworks that integrate psychological and 
social dimensions, complementing Thompson and Liu’s work on collaborative critique. Meth-
odologically, the study demonstrates the value of longitudinal netnographic analysis (Kozinets, 
2015) of user comments, combining sentiment analysis with qualitative insights.

5.2.	 Managerial and Strategic Implications

Findings highlight the risk of focusing solely on technical performance. GPT-5.0 exemplifies how 
relational deficits can undermine adoption. Developers should integrate relational experience 
metrics alongside performance indicators, designing systems positioned as technical assistants 
rather than substitutes for human companionship. The “conversational uncanny valley” under-
scores the need for emotionally coherent design (Hassenzahl, 2010), avoiding overpromising in 
marketing and aligning expectations with real capabilities. Companies could leverage distributed 
user expertise through collaborative evaluation platforms, fostering open innovation ecosystems.

5.3.	 Limitations

The study is limited by reliance on YouTube data, which may not represent all user demographics 
(Burgess & Green, 2018). Automated sentiment analysis (Liu, 2015) struggles with irony and 
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cultural nuance, suggesting more advanced NLP or qualitative validation. Longitudinal analysis 
faces confounding factors such as algorithmic changes and shifting communities. Finally, results 
are restricted to ChatGPT; comparative studies with other systems are needed.

5.4.	 Future Research

Future work should experimentally explore thresholds of the conversational uncanny valley, 
ethnographically study communities of evaluators to understand distributed expertise, and inves-
tigate long-term adoption patterns through individual longitudinal cohorts. Comparative studies 
across cultural and linguistic contexts would further enrich the understanding of universal versus 
context-specific dynamics in conversational AI adoption.
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