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Keywords: Abstract: Travel planning has undergone significant transformations over
Travel decision; the past decades due to the advancement of information technologies. Tradi-
Al; tional, in-person travel agency services have gradually been replaced by online
Planning platforms, enabling users to independently compare offers and organize their

trips. In recent years, however, a new paradigm shift has emerged: the integra-
tion of artificial intelligence (Al) into the preparation and optimization of the
travel experience. In the research, four freely accessible artificial intelligence
Creative Commons Non programs and a focus group of four members were asked the same questions.
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1. INTRODUCTION

1.1. The Revolution of Artificial Intelligence:
The Rise of Large Language Models and Their Transformative Impact

t the epicenter of the technological revolution of the 21" century stands artificial intelligence

(AI), and within it, the unprecedented development of generative models. While the concep-
tual roots of the field can be traced back to Alan Turing’s pioneering work in the 1950s (Turing,
1950), and its official inception to the 1956 Dartmouth Conference (McCarthy et al., 2006), the
tangible and pervasive influence of the technology on everyday life began to unfold only in the
early 2020s. The era of “Good Old-Fashioned AI” (GOFAI), based on explicit rule systems, has
been replaced by deep learning — a paradigm whose cornerstone was the introduction of the trans-
former architecture in 2017. This innovation, built on the principle of the attention mechanism,
enabled an unprecedented efficiency in processing linguistic patterns, laying the foundation for
the rise of today’s Large Language Models (LLMs) (Vaswani et al., 2017). This section examines
the key actors of this new wave of Al, the recently developed LLMs, and their cross-sectoral
impacts, with particular attention to the opportunities they present for the tourism industry.

The period following November 2022 can rightly be referred to as the explosion of LLMs. The
release of OpenAl’s ChatGPT model (GPT-3.5, followed by GPT-4) marked a watershed moment:
it democratized access to complex linguistic capabilities through an intuitive conversational inter-
face. The strength of the GPT series lies in its massive pre-training on extensive textual corpora
and its fine-tuning via Reinforcement Learning from Human Feedback (RLHF), which enabled
the model to generate coherent, contextually relevant, and creative text outputs (Zhai, 2023).

In response, Google introduced the Gemini model — fundamentally multimodal, capable of

processing text, images, audio, and video inputs simultaneously. Gemini is not merely a language
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model but a comprehensive reasoning system that integrates tightly with Google Search and its
Knowledge Graph, thus offering up-to-date and validated information while reducing the likelihood
of “hallucinations.” It demonstrates exceptional performance in complex, multi-step reasoning
tasks that require contextual understanding and factual grounding.

Other actors have also entered the race, notably Anthropic, with its Claude model. Their approach
is unique, based on the concept of “Constitutional AI.” Here, the model is trained not only through
human feedback but also via a predefined ethical and safety framework — a “constitution” — which
guides its behavior to autonomously avoid harmful or biased outputs. This method represents one
of the most promising directions in the pursuit of safe and ethical Al development.

Alongside proprietary systems, the open-source movement plays an equally crucial role. Meta’s
LLaMA (Large Language Model Meta Al) series, and its subsequent iterations, have democratized
access to cutting-edge technology, enabling researchers and developers to create and fine-tune
their own specialized models without relying on the infrastructure of major tech corporations.
This ecosystem has accelerated innovation and led to the emergence of domain-specific models,
such as DeepSeek Coder, optimized for code generation and interpretation, which rivals the per-
formance of closed-source counterparts across numerous benchmark tests.

Completing the picture is Microsoft Copilot, which integrates OpenAI’s GPT models directly
into the Microsoft ecosystem (Windows, Office 365), thereby embedding Al assistance into daily
workflows — from drafting emails and preparing presentations to conducting data analysis. This
integration exemplifies how generative Al is no longer confined to research laboratories but has
become an integral part of everyday professional and personal activities.

1.2. The Applications and Transformative Effects of LLMs

The influence of the above-mentioned models is now felt across virtually every sector. In software
development, tools like GitHub Copilot and DeepSeek Coder have revolutionized programming:
they can generate boilerplate code, assist in debugging, implement algorithms, and even document
code, thereby dramatically increasing developer productivity (Barke et al., 2023). In scientific
research, LLMs assist in literature review, hypothesis generation, and data interpretation, accel-
erating the process of discovery (Dwivedi et al., 2023). In education, they enable personalized
learning pathways, facilitate language acquisition, and serve as interactive tutors — although
ethical challenges surrounding plagiarism and academic integrity remain significant (Zhai, 2023).

However, the widespread adoption of the technology also presents notable downsides. Algorith-
mic bias remains a serious concern, as models can amplify the societal prejudices embedded in
their training data (O’Neil, 2016). The energy consumption of large models raises sustainability
issues: training a single complex model can result in carbon emissions equivalent to hundreds
of tons of CO: (Patterson et al., 2021; European Parliament, 2025). Furthermore, the potential
misuse of LLMs in generating fake news or supporting disinformation campaigns represents a
significant social risk.

1.3. Applications of Artificial Intelligence in Travel Planning

Inrecent years, artificial intelligence (AI) has become one of the most transformative forces in tech-
nological development, with an increasingly tangible impact across numerous industries — notably
in tourism. Travel planning, once a time-consuming process of gathering information and making
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decisions, has now become largely automated thanks to Al. Intelligent algorithms can produce
personalized recommendations, forecast prices, optimize routes, and provide real-time customer
support, thereby enhancing both the efficiency and experience of travel (Sunyoung et al., 2025).

One of the most important applications of Al lies in the development of recommendation systems.
Such systems analyze users’ previous searches, bookings, and reviews to identify individual
preferences, subsequently offering customized suggestions (Vishesh, 2025). Major online travel
platforms, such as Booking.com and Expedia, employ advanced machine learning models to
recommend destinations, accommodations, and activities relevant to each user. This personali-
zation not only improves consumer satisfaction but also benefits service providers by enhancing
customer loyalty and retention (Sai Mohith et al., 2025).

Al also plays a pivotal role in dynamic pricing and price prediction. Algorithms can analyze vast
amounts of historical and real-time market data to predict fluctuations in airfare, hotel rates, and
travel package prices. Applications such as Hopper and Skyscanner employ machine learning to
forecast the optimal time to book flights at the lowest cost, empowering consumers to make more
informed financial decisions while enabling providers to optimize their revenue streams. Al also
can improve travel by providing real-time assistance, intelligent navigation, and personalized
route planning for people with disabilities (Moumita et al., 2025).

In the field of route optimization and transportation, Al-driven systems such as Google Maps
and Waze analyze real-time traffic data, accident reports, and weather conditions to suggest the
fastest and most efficient routes. Predictive algorithms can even forecast congestion patterns,
contributing to safer and more reliable travel experiences.

Additionally, Al plays a key role in the automation of customer service and communication pro-
cesses (Danyi et al., 2020). Airlines, hotel chains, and travel agencies now deploy Al-powered
chatbots and virtual assistants capable of natural language communication, helping users manage
bookings, access travel information, and handle complaints. These systems are available 24/7,
improving service quality while reducing the burden on human labor.

Finally, AI contributes significantly to making the travel experience more personal and interac-
tive. Intelligent tour guide applications and augmented reality (AR) technologies allow travelers
to access real-time cultural and historical information about their surroundings, enriched with
visual content. Such innovations transform travel from a mere logistical process into a multifaceted
experience of learning and discovery.

1.4. Summary

In summary, the tourism sector stands to benefit immensely from the development of LLMs, sur-
passing earlier notions of “smart tourism” (Gretzel et al., 2015). Multimodal models such as Gemini
allow users to search for destinations through images or request complete itineraries inspired by
video content. LLMs are capable of hyper-personalization — analyzing a traveler’s style, previous
trips, and even social media activity to generate unique, highly tailored recommendations that go
far beyond the capabilities of traditional search engines or booking platforms.

One of the most significant socio-environmental advantages of such systems lies in their ability to
suggest lesser-known but relevant destinations instead of over-touristed ones, thereby contributing
to the sustainable redistribution of visitor flows (Ye et al., 2021). For example, a traveler can now
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ask not merely, “What are the best restaurants in Rome?” but “Recommend a quiet, authentic
trattoria in Trastevere where locals eat, offering vegetarian pasta, for two people on a Friday
evening.” Al can analyze real-time data on availability, reviews, and transportation options to
deliver the optimal result. Thus, LLMs function as proactive, intelligent travel advisors that not
only save time and energy but also enable more unique and sustainable travel experiences.

2. PRESENTATION OF THE RESEARCH
2.1. Research Methodology

The rapid advancement of artificial intelligence (AI) is fundamentally transforming the processes
of information gathering, decision-making, and consumer behavior. The tourism industry, in
particular, is highly sensitive to these shifts, as destination selection, experience planning, and
evaluation all encompass cognitive, emotional, and social dimensions. The aim of the present
research was to explore how Al influences travel decision-making and to what extent machine
and human reasoning differ in logic, accuracy, and creativity.

The central research question can therefore be formulated as follows: What similarities and dif-
ferences can be observed between Al-based and human reasoning in the generation of travel
recommendations and preferences?

Furthermore, the research sought to evaluate the degree to which Al is capable of substituting
for human experience, taste, and contextual understanding in tourism-related decision-making.

The study adopted a qualitative—comparative approach. Four artificial intelligence—based systems
(different large language models) and four human participants were presented with the same tasks
simulating various aspects of travel decision-making. The focus group consisted of individuals
aged between 26 and 38, possessing intermediate to higher education levels, all employed in office
settings and having average proficiency in computer and internet use. The central theme of the
research was destination recommendation and the processing of travel-related information.

Four specific prompts (questions/tasks) were used during the investigation:

1.  Recommend five cities located by a sea, lake, or river with a population exceeding 100,000.
2. Rank these cities according to their tourism popularity.

3. Identify which of these cities is most affected by the problem of overtourism.

4.  Suggest hashtags that you would use in a social media post about the city.

Both the Al systems and the human focus group participants worked under identical conditions.
Results were evaluated based on data from the United Nations World Tourism Organization
(UNWTO) to verify the accuracy and realism of the responses.

2.2. Research Results
2.2.1. City Recommendations (Prompt 1)

In the first task, both Al and human participants selected five cities that met the specified crite-
ria. The Al-generated recommendations from across the globe — three continents and thirteen
countries — demonstrate broad geographic diversity. However, it also produced one incorrect
response (Balatonfiired), whose population does not exceed 100,000 inhabitants.
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Table 1. Answers of the AI’s -Prompt 1

answer/Al
Gemini Barcelona Lisboa Amsterdam Koppenhagen Praha
ChatGPT Barcelona Venice Amsterdam Praha Split
Copilot Barcelona Venice Split Zagreb Ljubljana
—
Perplexity Barcelona Split Brighton Miami Balatonfiired
(wrong answer)
Grok Barcelona Amsterdam Sydney Rio de Janeiro Miami
Source: Own editing
Table 2. Answers of the focus group -Prompt 1
answer/person
Personl Marseilles Venice Napoli Cannes Valencia
Person2 Split Venice Rimini Barcelona Porto
Person3 Barcelona Kaunas Porto Trieste Malaga
Person4 Barcelona Bari Venice Palma de Valencia
Mallorca

Source: Own editing

The focus group, by contrast, exhibited less geographic diversity: their answers were concentrated
within a single continent (Europe) and covered six countries. No incorrect answers were recorded,
yet their city choices were strongly influenced by cultural proximity and personal experience. In
both groups, Barcelona emerged as the most frequently mentioned destination, and Spain as the
most popular country. This finding highlights that Al is capable of identifying globally attractive
destinations, whereas human participants tend to favor familiar and culturally proximate locations.

2.2.2. Ranking by Tourism Popularity (Prompt 2)

In the second task, participants were asked to rank the cities by tourism popularity. The Al’s
answers largely corresponded with UNWTO statistics, demonstrating its ability to follow global
data trends. However, it was observed that AI’s ranking process was highly data-driven, paying less
attention to current tourism trends, such as sustainable travel preferences or seasonal fluctuations.

Table 3. Answers of the AI’s -Prompt 2

Al most popular least popular

Gemini Barcelona Amsterdam | Praha Lisboa Copenhagen | correct
ChatGPT Barcelona Amsterdam | Praha Venice Split not correct
Copilot Barcelona Venice Ljubljana Split Zagreb not correct
Perplexity Barcelona Miami Brighton Split Balatonfiired |not correct
Grok Barcelona Amsterdam | Sydney Rio de Janeiro | Miami not correct

Source: Own editing
Table 4. Answers of the focus group -Prompt 2

Person most popular least popular

Personl Venice Valencia Cannes Napoli Marseilles not correct
Person2 Barcelona Venice Porto Split Rimini correct
Person3 Barcelona Malaga Porto Trieste Kaunas not correct
Person4 Barcelona Venice Palma de Bari Valencia not correct

Mallorca

Source: Own editing
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The focus group, in contrast, incorporated emotional and subjective factors into their decision-mak-
ing. For instance, they ranked higher those cities associated with personal experiences or with a
strong media presence (e.g., Venice, Dubrovnik). Although human responses were not always sta-
tistically precise, they were richer in interpretation and more realistic from a narrative perspective.

2.2.3. Overtourism (Prompt 3)
The third task addressed the issue of overtourism. Both Al and human participants correctly
identified Barcelona and Venice as the cities most affected by the phenomenon, in alignment with

UNWTO data and existing literature.

Table 5. Answers of the Al’s -Prompt 3

Al most least

overtouristed overtouristed
Gemini Barcelona Amsterdam  |Lisboa Praha Copenhagen | not correct
ChatGPT Venice Barcelona Amsterdam  |Praha Split not correct
Copilot Barcelona Venice Split Ljubljana Zagreb not correct
Perplexity Barcelona Split Brighton Miami Balatonfiired |not correct
Grok Barcelona Amsterdam  |Rio de Janeiro | Sydney Miami not correct

Source: Own editing
Table 6. Answers of the focus group -Prompt 3
most least

overtouristed overtouristed
Personl Venice Valencia Cannes Napoli Marseilles correct
Person2 Venice Barcelona Split Rimini Porto correct
Person3 Barcelona Malaga Porto Trieste Kaunas correct
Person4 Venice Barcelona Bari Palma de Valencia not correct

Mallorca

Source: Own editing

Interestingly, Al responses tended to be structured and reasoning-oriented, while human responses
were characterized by moral and value-based arguments. Humans, for example, referred to local
residents’ quality of life, the cultural impact of mass tourism, and environmental degradation,
whereas Al primarily cited quantitative indicators, such as visitor numbers, accommodation
capacity, and airport traffic. This contrast reveals that while Al can accurately identify patterns,
it remains less sensitive to the social dimensions of complex phenomena.

2.2.4. Hashtag Suggestions (Prompt 4)

The fourth task explored the discourse of social media. Al-generated hashtags — such as #Barce-
lonaTrip, #VeniceVibes, or #CityByTheSea — were linguistically correct and trend-aware, but also
generic and formulaic. By contrast, the human participants proposed more creative and personal
hashtags (e.g., #LostInVenice, #BarcelonaDreams), reflecting the emotional depth and authentic
individuality of human expression.

This task highlighted a crucial distinction: while Al is capable of reproducing the patterns of pop-
ular discourse, it lacks the uniqueness and subjectivity essential to the personal communication
of travel experiences.
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Examples of hashtags by Al: #visitbarcelona, #LL.aRambla, #BarcelonaByTheSea, #Gaudi
Examples of hashtags by the focus group: #hola, #touristmode, #fcbarcelona, #feelthesun
2.2.5. Analysis and Interpretation of the Research Findings

The results yield several important insights regarding the future of tourism and Al-based applications:

1.  Datavs. Experience: Al performs exceptionally well when tasks are defined by clear, meas-
urable parameters. Human decision-making, however, excels in context sensitivity and the
integration of experiential knowledge. Al’s “knowledge” is horizontally broad, whereas
human knowledge is vertically deep.

2. Creativity and Intuition: While Al algorithms can identify patterns, they lack true intuition.
Human responses often incorporate aesthetic, cultural, and emotional dimensions unfamiliar
to Al — a critical factor in tourism, where decisions are seldom purely rational.

3. Accuracy and Reliability: Although Al produced one factual error (Balatonfiired), it proved
more accurate overall in applying objective criteria. Human responses, though error-free,
were less diverse, reflecting a locality bias consistent with real-world travel behavior.

4.  Ethical and Social Considerations: In the overtourism task, human participants’ moral rea-
soning underscored that tourism is not solely an economic but also a social and cultural
phenomenon. Future Al systems should therefore integrate ethical and value-based decision
frameworks to better align with human perspectives.

5. Communication and Self-Representation: In the hashtag task, human responses reflected
individual identity and narrative self-expression far more vividly than Al outputs. This
demonstrates that while Al can synthesize linguistic patterns, it cannot yet generate authentic
subjectivity — at least in its current form.

The study confirms that artificial intelligence can serve as a powerful support tool in travel deci-
sion-making, particularly during the stages of information gathering, data processing, and option
identification. Nevertheless, Al and human reasoning should be viewed as complementary, rather
than substitutive, cognitive processes.

Al is fast, structured, and data-driven, yet limited in empathy, ethical reflection, and creative
expression. Humans, on the other hand, are slower and more subjective, but capable of attributing
context, emotion, and meaning to data.

Thus, the future of tourism will not be defined by Al dominance, but by human—machine collabo-
ration. The ideal model is a hybrid decision-making system, wherein Al pre-filters and structures
information, while humans perform the interpretative and evaluative tasks that confer depth and
significance to travel choices.

3. CONCLUSION

The present research has confirmed that artificial intelligence (Al) can serve as an effective sup-
porting tool in travel-related decision-making, particularly in the stages of information gathering,
data processing, and option identification. At the same time, the findings clearly demonstrate that
ATl and human reasoning are complementary, not substitutive, in nature.

While Al is fast, structured, and data-driven, its capabilities are limited in terms of empathy, val-
ue-based reasoning, and creative self-expression. Humans, on the other hand, are slower and more
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subjective, yet they possess the unique ability to assign context, emotion, and meaning to data. This
duality highlights a fundamental insight: the future of tourism decision-making will not be deter-
mined by the dominance of Al but by the collaboration between human and machine intelligence.

The ideal model for the future is therefore a hybrid decision-making system. In such a system, Al
performs the pre-filtering and structuring of information — collecting, organizing, and ranking
vast data sets — while humans carry out the evaluation, interpretation, and contextual integration
that give decisions their qualitative depth and emotional authenticity. This collaborative approach
aligns technological efficiency with human creativity and ethical awareness, leading to more
balanced, meaningful, and sustainable travel practices.

4. FUTURE RESEARCH DIRECTIONS

It would be worthwhile to repeat the research on a larger sample, involving participants from
diverse cultural backgrounds, in order to determine to what extent the differences between Al
and human preferences are universal.

In tourism, responsible travel is becoming increasingly important. Al systems must be able to
incorporate ethical and sustainability-related considerations into their recommendations.

Al models are often trained on Western-oriented datasets, which may distort their recommenda-
tions. By defining broader and more inclusive data sources for input, regional disparities can be
filtered out and representational balance improved.

The key lesson of this research is that artificial intelligence is not merely a technological but also
a cultural and social challenge. Al can effectively support travel decision-making, but the human
factor remains indispensable — since travel is not simply a logistical decision, but a process of
self-identity, discovery, and experiential enrichment. The future of tourism begins where data meets
emotion, and rationality meets creativity — in the collaboration between human and machine.

In conclusion, the findings of this study emphasize that artificial intelligence in tourism should
be approached as both a technological and a cultural challenge. Al is capable of supporting deci-
sion-making in powerful ways — analyzing data, generating insights, and optimizing logistics —
but the human element remains irreplaceable. Travel, at its core, is not a logistical operation but a
journey of identity, discovery, and experience. The true potential of Al in tourism will unfold not
through automation alone but through the synergy of data and emotion, rationality and creativity
— in the collaboration between humans and intelligent systems.
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