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Keywords: Abstract: Artificial intelligence (Al) has rapidly become indispensable, with
Prompt engineering; applications spanning natural language processing, image generation, and
Image generation; content creation. While large language models (LLMs) primarily process text in
Low-resource languages English as the global lingua franca, most of the world’s population communicates

in other languages, raising questions about the role of low-resource languages
in prompt engineering. This paper examines whether the choice of input lan-
guage—English, Croatian, or a hybrid of both—affects prompt quality and
creativity in downstream tasks. Croatian, with its limited digital resources and
Creative Commons Non smaller speaker base, was selected as a case study. A dataset of 100 articles from

Zamrrm Commercial CCBY-NC:This a Croatian agricultural news portal was used to generate Midjourney prompts
article is distributed under the terms of the . L o
Creative Commons Attribution-NonCom- via GPT-4o under three language conditions. The prompts and resulting images
mercial 4.0 License (https://creativecommons. were analyzed for creativity, semantic consistency, and output quality. Findings
S e U T g reveal subtle but meaningful differences, suggesting that linguistic variation can
non-commercial use, reproduction and . . . . .
distribution of the work without further influence Al-driven creativity. The study underscores the importance of evaluating
permission. low-resource languages in multimodal Al systems.

1. INTRODUCTION

In the era of rapid development of generative Al systems and a perpetual need for content production,
it is necessary to optimize workflows to enable quick and effective task execution, especially in
niche fields such as agricultural journalism. As acquiring authentic images demands time, precision,
and resources, the integration of text-to-image models into the workflows could efficiently accelerate
the process. Such practices do not pose a challenge in high-resource languages with extensive data-
sets, such as English. However, in multilingual settings, especially those encompassing low-resource
languages, including Croatian, it is necessary to examine which channel of downstream tasks most
effectively addresses the issue of cross-lingual transfer. Despite the increasing use of generative
Al limited research has systematically examined how underrepresented languages affect prompt
engineering and downstream multimodal tasks. Most existing studies focus exclusively on English,
leaving open questions about inclusivity, fairness, and performance in underrepresented languages.

This paper aims to determine whether it is beneficial to translate low-resource language content into
English prior to instructing large language models (LLMSs) to produce prompts for text-to-image
models within the artificial image generation process. Furthermore, it compares the textual and visual
outputs between the three prompt language combinations - English, Croatian, and a hybrid approach

with a special emphasis on the final product and its suitability for use in a Croatian agricultural news
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portal. Croatian serves as an illustrative case due to its relatively small speaker base and limited dig-
ital resources. Agricultural journalism was selected as a practical testing ground, given its reliance
on visual materials to complement text-based reporting. The findings of the study could be bene-
ficial for creative industries and content creators working in multilingual settings, especially those
incorporating languages with limited digital resources. The proposed pipeline enhances workflow
efficiency, supports informed decisions regarding optimal prompt language, and improves output
consistency. More broadly, the paper also highlights the structural disadvantages faced by under-
represented languages in natural language processing systems, in contrast to the predominance of
English. By evaluating prompt creativity, semantic consistency, and image quality across different
language conditions, the study provides practical insights for multilingual content creation while
contributing to broader discussions on the role of language in shaping multimodal Al outputs.

2. LITERATUREREVIEW

The choice of prompt language substantially impacts the quality of the output, particularly in cases
involving low-resource languages. Dey et al. (2024) detected a performance discrepancy between
prompts in English and less-represented languages, with models performing better with the former
and significantly poorer with the latter. They found that translating content into English enhances
the model’s performance, with ChatGPT outperforming other models in the study. In a comparative
study, Keerthi (2024) also notes a higher efficiency of LLMs when task-specific prompting is con-
ducted in high-resource languages, such as English, French, and Chinese, compared to low-resource
languages like Hindi and Swabhili. The study found that the combination of explicit task instructions
and aligned translations facilitates model comprehension, though performance remains dependent
on translation quality. Mondshine et al. (2025) likewise emphasize that the translation quality is
directly tied to the outcome, demonstrating that selective pre-translation significantly improves
the performance of models across both high- and low-resource language settings. On the other
hand, Ozsoy (2024) emphasizes structural differences between language families, suggesting that
translation alone may not be sufficient. The study concludes that most large language models are
optimized for linguistic systems comprising large datasets. However, prompting in low-resource
languages, especially those structurally different from English, from different language families,
and with different scripts, reduces the output quality to some extent. Toukmaji (2024) further adds
that the final product can also depend on the type of task and specific language.

When using LLMs, the role of prompts is crucial in obtaining the desired outputs. Huang et al.
(2023) propose a standardized prompt template that would be widely applicable in multilingual
settings. According to their study, large language models are successful in following precise
instructions. Therefore, to maximize performance, they recommend incorporating techniques such
as role prompting, task description, multilingual and chain-of-thought instructions, task analysis,
and the desired format of the output (such as limited length, language, etc.). Chain-of-thought and
chain-of-translation prompting, employed in the research conducted by Deshpande et al. (2024),
also effectively elevated task execution in Marathi, a low-resource language.

According to Chen et al. (2024), Midjourney prompts must be well-adjusted to guide the image
generation towards the target outcomes. It is important to place emphasis on parts of speech, par-
ticularly nouns, which directly express main subjects, and adjectives, describing the details and
relations between entities. Lichtenberg and Akdag (2025) further explore the modes according
to which the quality of text-to-image prompts can be evaluated. They include idea combination,
content, and prompt styles. Each can subsequently be observed through the lens of opposing ends
of spectrums, such as visually imaginable—visually impossible or unexpected—predictable.
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Vartiainen and Tedre (2024) emphasize that text-to-image generative models are reshaping the
way visual content is produced due to their ability to create images instantly, thus altering creative
workflows. As Theodosiou et al. (2024) point out, they enable a cost-effective, fast, and person-
alized access to visual content, making them valuable for contemporary journalism. In the era
where content is of extreme importance, generative Al can enhance its proportions and quality;
however, this potential is realized only through careful human supervision and guidance of the
process (Wahid et al., 2023; Vartiainen & Tedre, 2024). These findings underscore the need to
investigate not only translation and task alignment but also the impact of prompt language on
downstream creative outputs, such as text-to-image generation, a gap this paper tries to address
through a case study of Croatian.

3. RESEARCHDESIGN AND METHODOLOGY

In this section, the research methodology is outlined, beginning with data collection and translation,
prompt design, and image generation. The sequence of research phases is illustrated in Figure 1.

3.1. Data Collection

A total of 100 articles, published within the last year and not exceeding 1,500 words, were randomly
sampled from a Croatian agricultural portal, covering a range of common agricultural topics such
as farming, food production, environmental challenges, and technological advancements, as well
as agricultural manifestations. Agricultural journalism was selected as the domain of interest
because it frequently requires high-quality visuals to complement textual reporting, making it a
relevant test case for text-to-image generation. Simple random sampling was employed to avoid
selection bias. Each article was first translated into English by a professional human translator
using Matecat, a free and open-source computer-assisted translation tool. The translations were
peer-reviewed to ensure terminology accuracy. Agricultural terminology, idiomatic expressions,
and culture-specific items were adapted to the target language, while ensuring that cultural nuances
were respected. Subsequently, GPT-40 was instructed to generate a concise summary of each
article, not exceeding 100 words, written in a clear and informative style. The summaries were
manually checked for coherence and factual alignment with the original article. The final dataset
consisted of 100 original articles in Croatian, 100 human-translated articles in English, accom-
panied by their summaries in Croatian (100) and in English (100).

3.2. Prompt Design for Midjourney

The second phase focused on designing instructions for GPT-40 to generate prompts that would
subsequently guide Midjourney in image creation. The large language model was prompted
using a combination of structured chain-of-thought prompting and role prompting, both of which
have been proven effective in producing satisfactory outputs (Kong et al., 2024; Wei et al., 2022).
This approach was employed to construct the first part of the prompt, which outlined the desired
output format. The core task, image generation, was followed by detailed specifications of the
format the LLM was expected to replicate in its output. GPT-40 was instructed to assume the
role of a professional prompt engineer specializing in agricultural image generation and to pro-
duce photorealistic, magazine-style images intended to accompany selected articles and their
summaries. Additionally, the model was directed to think about the content of both the articles
and the summaries while taking into account the intended target audience, the keywords, and the
main idea of the article. According to the research conducted by Zheng et al. (2024), the average
prompt length was 60 words. This study instructed the model to produce prompts not exceeding
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70 words, as the necessary Midjourney prompts needed to be included as well. The complete texts
of the articles and summaries were provided at the end of the prompt. Pilot testing was conducted
on a small subset of articles to ensure that the instructions were clear, reproducible, and yielded
coherent prompts. The prompting procedure was conducted three times, corresponding to the
three language combinations subject to testing:

a) Instructions in English + Article/Summary in English,

b) Instructions in Croatian + Article/Summary in Croatian,

¢) Instructions in English + Article/Summary in Croatian.

GENERATING MIDJOURNEY

100 original articles PROMPTS IN ChatGPT-40
and summaries in
Croatian
+ - ENG / CRO / ENG
100 articles and GENERATING
summaries + + + IMAGES IN
translated into ENG / CRO / CRO MIDJOURNEY v7
English FOR EACH
LANGUAGE
COMBINATION
EVALUATIONS
e 3 sets of generated prompts J

e 3 sets of generated images

Figure 1. Workflow of the research process
Source: Own research

3.3. Image Generation and Evaluations

The third phase involved image generation with Midjourney Version 7, chosen for its widespread use,
robust photorealistic rendering, and consistent performance in text-to-image generation (Mandava,
2025). For each prompt, the most suitable image among the four generated options was selected
based on fidelity to the textual description, realism, and appropriateness for journalistic use. Finally,
an analysis was conducted on the three sets of prompts and images across multiple dimensions. The
prompts and the corresponding images were systematically analyzed according to their creativity,
semantic consistency, and visual quality. Evaluation was conducted by the research team using a
mixed-methods approach, combining qualitative assessments with quantitative scoring. All experi-
ments used standardized GPT-40 and Midjourney parameters to ensure reproducibility. Automation
scripts for prompt and image generation were documented. Ethical protocols were followed, with
images based on public content and evaluators providing informed consent.

4. RESULTS

This section showcases the results of qualitative and quantitative analyses of the final artificially
generated outputs.

4.1. Prompt Creativity

Since it is rather challenging and subjective to evaluate the creativity in short texts such as prompts,
three sub-categories of creativity are analyzed. According to Lichtenberg and Akdag (2025), prompt
creativity can be viewed through the lens of concepts such as idea generation and content variation.
Additionally, the level of realism is observed in this paper as it is a crucial component of prompts,
ensuring the production of photorealistic images suitable for use alongside agricultural news articles.
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Despite a high level of similarity between prompts stemming from the three input language com-
binations, subtle differences did emerge. In seven out of 100 parallel cases per language combi-
nation, the differences were observed in articles dealing with abstract topics, mainly regarding
politics, international relations, and market changes, allowing the language model greater latitude
for creative outputs. It was especially prominent with the hybrid language combination, which
ultimately yielded highly metaphorical, visually impossible outputs, inadequate for publishing.

Table 1. A selection of prompts emerging from an abstract news article

ENG CRO ENG/CRO

Photorealistic close-up of official | Photorealistic editorial photo Photorealistic concept of
agricultural subsidy documents showing a close-up of agricultural |agricultural subsidy fraud —
stamped “Rejected,” with euro subsidy application documents split scene: left side shows lush
currency symbols and blurred with EU and Croatian flags in green farmland with EU flag

rural farmland in the background, |the background, symbolizing symbolizing funding, right side
symbolizing fraud prevention in EU | fraud investigation, tense and reveals shadowy business figures
rural development funds. Neutral, |serious atmosphere, professional exchanging fraudulent documents,
professional editorial tone, sharp journalistic style, sharp focus, money on desk, hidden connection
focus, natural lighting, magazine- |realistic lighting --ar 16:9 --v 7 --q | between companies, dramatic
style composition --ar 16:9 --v 7 --q |2 --s 250 lighting to emphasize corruption

2 --s 250 in agriculture, clear visual contrast

of honesty vs deception, editorial
magazine style --ar 16:9 --v 7 --q 2
--s 750

Source: Own research

The content of the prompts was also fairly consistent across input languages. All prompts were
composed of descriptions of subjects, settings, and optional objects, with occasional additions or
omissions. In Table 2, the same article yielded three prompts differing in the subjects and scenes,
ultimately producing three distinct visual outputs. Notably, the hybrid format retained lexical
intrusions from Croatian (prsut) and even an adjectival form of a Croatian toponym (paska),
which degrades the overall quality of the prompt for subsequent application in the text-to-image
model. By contrast, in the fully English prompts derived from the translated content, all elements
were adapted to the target language, leading to more general yet semantically coherent imagery.
Moreover, each prompt was highly descriptive and detailed, containing multiple adjectives.

GPT-40 was instructed to generate Midjourney prompts based on a custom-designed prompt
template created specifically for this study. It emphasized that the resulting images must be
realistic photographs suitable for publication in an agricultural magazine. As a result, almost all
prompts contained a variation of the word “photorealistic”, as can be seen in Tables 1 and 2. In
the cases where there was not an explicit adjective guiding the model towards realistic generation,
such a direction was given in the form of the Midjourney — style raw parameter, which disables
the model’s default stylization tendencies and provides more control in producing photorealistic
content (Raw mode, n.d.).
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Table 2. Variations in prompt content across three input languages for the same article

ENG CRO ENG/CRO

Photorealistic aerial view of a Aged Slavonian ham hangingina | Photorealistic close-up of aged
modern pig farm surrounded sunlit drying room, golden tones, Slavonian prsut on a rustic wooden
by golden Slavonian fields at rustic wooden beams, rows of cured |board, garnished with herbs, Paska
sunset, sleek barns with pigs hams marked “Dobro”, serene farm |salt flakes, and wheat stalks, golden
visible, industrial buildings in the | background seen through window, |farmland in background, warm
distance, reflecting innovation, premium meat marbling visible, air |sunset lighting, premium food
sustainability, and tradition --v 7 of tradition and innovation --v 7 --ar | styling, --ar 16:9 --v 7 --style raw
--style raw --ar 3:2 --q 2 --hd 3:2 --style raw --q 2 --quality 2 --stylize 1000

Source: Own research
4.2, Semantic Consistency

Semantic consistency was further evaluated to determine the extent to which the main subjects
of prompts varied across input language combinations. The subject is regarded as the focal point
of the prompt, whether it is a person, animal, plant, or an inanimate object. The resulting prompts
were compared within cross-lingual combinations and assigned one of the three markers: same,
different, or added. The comparison has shown that the highest level of consistency was found
between prompts generated with fully English and mixed instructions (77%), while the lowest
was between English and Croatian (70%). In approximately 20 and 22% of cases, the main subject
from one language combination was not identical to the other.

Table 3. Semantic consistency between input language pairs per 100 prompts

Similarity marker ENG vs CRO ENG vs MIX CRO vs MIX
Same 70 77 71
Different 22 20 21
Added 8 3 8

Source: Own research

As displayed in Table 4, the main subjects remain identical in the ENG and MIX combination.
However, the subject of the prompt emerging from Croatian input differed. The subjects of the
resulting images reflected this discrepancy as well.

This analysis indicates that semantic consistency is relatively high across language combinations,
although not uniform. The findings suggest that English and mixed prompts maintain the focal
subjects more homogenously, whereas the Croatian ones are more prone to semantic shift, likely
due to adhering to the original Croatian content and instructions.
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Table 4. Different portrayals of subjects in CRO vs. ENG and ENG/CRO

ENG

CRO

ENG/CRO

Two brothers in a lush Croatian
countryside apiary, surrounded
by honeybees and wooden hives,
bottling golden mead and colorful
fruit-infused melomel, rustic
tasting room in the background,
sunlight filtering through trees,
warm and inviting atmosphere,
showcasing artisanal beekeeping
and mead production, focus on
traditional and modern craft,
detailed textures of honey, bottles,
and wooden barrels --v 7 --q 2 --ar
16:9 --chaos 20

Golden-hued mead in rustic

glass bottles on a wooden table,
surrounded by honeycombs, bees,
fresh fruits like strawberries and
cherries, and small oak barrels

in a cozy rural distillery setting,
warm natural light streaming
through windows, highlighting
artisanal craft and family-run
OPG atmosphere, photorealistic,
detailed textures, rich colors, soft
depth of field --ar 16:9 --v 7 --q 2

Photorealistic scene of a family-
run apiary and mead production

in Vinkovci, Croatia, showing

two brothers tending bees, golden
honey jars, fermentation barrels,
and fruit-infused mead bottles,
rustic rural background with sunlit
orchards, cozy tasting room in the
distance, highlighting artisanal
craftsmanship, traditional and
innovative mead production,
inviting atmosphere for agritourism,
warm natural lighting, high detail
--v 7 --ar 16:9 --q 2 --chaos 15

Source: Own research

4.3. Quality of Visual Outputs

Finally, the image quality was assessed. The research team ranked the images on a four-point
ordinal scale ranging from 0 (lowest quality) to 3 (highest quality). Despite explicit instructions for
photorealistic rendering, a subset of images received the lowest score (0). These anomalies were
characterized by overly artistic or abstract interpretations (e.g., producing stylized illustrations
instead of photographs), metaphoric renderings, such as depicting “growth” as arrows or charts
rather than agricultural plants and cultural misinterpretations, where items unique to Croatian
agriculture (e.g,. “Paska”, “prsut”) were replaced with generic or unrelated imagery. An example
of an overly stylized image is displayed in Table 5. All remaining images were rated from 1 to 3.

Such errors suggest that the model occasionally struggled with domain-specific and culture-bound
terminology, particularly in non-English prompts.

Table 5. Image containing anomalies

CRO

A diverse European farm scene showing small to
medium-scale farmers working in lush fields, young
farmers planting crops, sustainable practices like
crop rotation and eco-friendly irrigation, with subtle
EU policy symbols like documents or graphs in the
background, warm natural light, realistic textures
of soil and plants, depth of field, vibrant colors,
photorealistic, --ar 16:9 --v 7

Source: own research
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On average, prompts written in English yielded the highest-quality outputs (M = 2.01), outper-
forming both images generated using Croatian prompts (M = 1.84) and the hybrid combination of
the two languages (M = 1.81). English-prompted images were also more consistently placed in the
upper quality categories (2 and 3), as shown in Figure 2, indicating a steadier performance across
evaluations. By contrast, Croatian, and especially hybrid prompts, demonstrated higher variability,
with a notable proportion of outputs falling into the lowest acceptable rank. This variability suggests
that prompts written in low-resource or mixed-language settings may introduce inconsistencies that
negatively affect final image quality. These findings point to a potential advantage of English prompts
in guiding text-to-image models, at least within the domain of agricultural journalism. However, the
systematic underperformance of Croatian and hybrid prompts highlights the ongoing challenges of
ensuring equitable performance for low-resource languages in multimodal Al systems.

B ENG B CRO MIX
40.00%

30.00%
20.00%
10.00%
0.00% .I

Ranked 0 Ranked 1 Ranked 2 Ranked 3

Figure 2. Distribution of 0-3 rankings across input language pairs

Source: Own research
4.4, Qualitative Observations

A closer look at specific prompts revealed notable linguistic and cultural dynamics as follows:

1)  English prompts tended to generalize agricultural terms, leading to clearer but less culturally
embedded imagery.

2)  Croatian prompts often preserved cultural and lexical specificity, but this occasionally reduced
interpretability and image quality.

3) Mixed prompts retained some of the advantages of English (clarity) while still incorporating
Croatian references, though with less consistency in quality.

This indicates a trade-off between cultural fidelity and model interpretability when low-resource
languages are used as the primary input.

5.DISCUSSION

The results of this study demonstrate that the prompt language significantly influences the crea-
tivity, semantic fidelity, and ultimate quality of images generated by Midjourney. While English
prompts yielded the most stable and consistently high-quality results, Croatian and hybrid prompts
exhibited greater variability, occasionally producing outputs that were metaphorical, semantically
inconsistent, or visually less coherent. These findings align with prior research indicating that
LLMs tend to perform better in high-resource languages due to the abundance of training data
(Dey et al., 2024; Keerthi, 2024; Ozsoy, 2024).
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The observation that translation into English can improve model performance is consistent with
studies emphasizing the benefits of pre-translation for low-resource languages (Dey et al., 2024;
Mondshine et al., 2025). This research extends prior findings by showing that language choice
influences multimodal tasks like text-to-image generation. Croatian inputs lowered textual and
visual fidelity, whereas English and hybrid prompts better preserved main subjects, underscoring
cross-lingual transfer effects. In the present study, Croatian prompts occasionally retained cultur-
ally specific terminology (e.g., “prsut,” “pasSka’), which led to either semantic drift or diminished
compatibility with Midjourney. This highlights the dual challenge of preserving cultural specificity
while ensuring cross-model intelligibility.

In terms of prompt creativity, the study found that hybrid prompts occasionally generated outputs
with greater metaphorical or imaginative qualities, though these were often unsuitable for jour-
nalistic applications. This supports Lichtenberg and Akdag’s (2025) framework for evaluating
prompts along dimensions such as idea, content, and realism. While imaginative prompts may
be valuable for creative industries, their lack of realism renders them problematic for agricultural
journalism, where factual accuracy is paramount.

The evaluation of image quality further revealed a systematic advantage for English prompts,
with higher mean scores and less variability. This finding mirrors Chen et al. (2024), who stressed
the importance of precise prompt construction, including attention to key nouns and adjectives,
in guiding text-to-image models. Despite the use of standardized prompt templates and photore-
alistic markers (cf. Deshpande et al., 2024), non-English inputs still introduced inconsistencies,
suggesting that linguistic resource availability plays a critical role even when prompt engineering
best practices are applied.

More broadly, these findings emphasize that generative AI models are culturally dependent tools
whose usefulness depends on accessibility and linguistic adaptability. The present study demon-
strates that while English dominates as the lingua franca of Al prompting, this dominance creates
structural inequalities for low-resource languages such as Croatian. As Vartiainen and Tedre
(2024) and Wabhid et al. (2023) argued, effective use of generative Al requires human oversight,
and in multilingual settings, this oversight must also include careful attention to linguistic choice
and cross-lingual transfer strategies.

The findings of this study highlight three key implications. First, translation into English remains a
pragmatic strategy for improving the performance of LLMs and downstream text-to-image models
when working with low-resource languages. Second, hybrid prompting can sometimes enhance
creativity but risks introducing semantic drift and stylistic inconsistencies. Third, there is a pressing
need for future research and model development to address the imbalance in resource allocation
across languages. Improving multilingual training datasets and fine-tuning models for culturally and
linguistically diverse inputs would ensure more equitable performance in multimodal Al systems.

6. LIMITATIONS

This study has several limitations that should be acknowledged. First, the scope of analysis was
restricted to Croatian agricultural journalism, which may limit the generalizability of findings
to other domains or genres. Second, the sample size of 100 articles, while sufficient for explora-
tory analysis, may not fully capture the variability of prompts and outputs across larger corpora.
Third, all translations were human-mediated and based on a single tool (Matecat), which ensured
quality but did not allow for systematic comparison with machine translation systems. This may
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have influenced the results concerning prompt clarity and subsequent image quality. Fourth, the
image evaluation was conducted by a small research team, introducing potential subjectivity in
assessing creativity, semantic consistency, and visual quality. Finally, the research design focused
on a single text-to-image model (Midjourney v7) and one large language model (GPT-40). As
generative models evolve rapidly, the findings may not apply universally across different archi-
tectures, updates, or future iterations of similar systems.

7. FUTURE RESEARCH DIRECTIONS

This study emphasizes the need for further exploration of prompt language selection and translation
strategies in generative Al models. While this research focused primarily on Croatian agricultural
journalism, future research could benefit from expanding into different domains such as medicine,
education, or law, each characterized by distinct terminologies and domain-specific communicative
needs. Furthermore, a broader range of low-resource languages could be systematically tested, par-
ticularly those differing from English significantly, e.g., using less-represented scripts and belonging
to distinct language families. That way, it could be detected how linguistic distance and structural
complexity affect the performance of LLMs in downstream multimodal tasks. Additionally, cross-
model comparative analyses (e.g., including Gemini, Claude, and LLaMA) could also be conducted
to determine whether similar cross-linguistic tendencies emerge across different architectures when
generating prompts for text-to-image models. Another promising line of inquiry involves comparing
outputs generated from human-translated versus machine-translated content, in order to determine
whether translation quality affects the observed categories. Given the limited sample size and the
subjective nature of image evaluation, future research should incorporate a larger dataset and more
standardized evaluation procedures, ideally involving domain experts from fields such as journalism
or marketing, to obtain more reliable and generalizable findings. Such practice would bridge the gap
between computational evaluation and professional industry standards.

8. CONCLUSION

The findings of the study show that the prompt languages can subtly, yet meaningfully, influence
the outputs of LLMs and text-to-image generation tasks, both in creativity and in quality. Prompts
designed using content translated into English consistently produced higher-quality images. On
the other hand, prompts containing original Croatian content, as well as prompts written entirely
in Croatian, exhibited more variability in main subjects and the corresponding images. Such
results suggest that English remains the most reliable medium for generating high-quality and
applicable outputs in downstream tasks, particularly in contexts such as agricultural journalism,
where accuracy is crucial. This slight advantage of English in multilingual settings regarding
instructing generative models reflects its higher representation in training data.

From a broader perspective, the study highlights both the opportunities and challenges for inte-
grating generative Al into multilingual creative industries and media production. Using English
as an intermediary may represent a practical short-term strategy for bridging the gap between
low-resource languages and robust visual outputs. At the same time, the observed disparities
underscore the urgent need to improve inclusivity and equity in Al systems by expanding training
datasets to better represent under-resourced languages.

Ultimately, this research demonstrates the importance of carefully considering prompt language
in multilingual settings, not only for improving technical performance but also for ensuring that
diverse linguistic communities can fully benefit from advances in generative Al.
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